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‣ random variable                 and function 

                                                              

‣ For N points drawn from p(X):  

‣ Conditional expectation: 
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Expectations
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‣ The expected quadratic distance between f and its 
mean
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Variance
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‣ Measures the extent to which X and Y vary together 

‣ Vectors of random variables x and y, covariance matrix: 
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Covariance between 2 random variables

cov[x, y] =

cov[x,y] =
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‣ Covariance between independent variables: 

‣ Note:                           does not imply x,y independent 

‣  
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Covariance between 2 random variables

cov[x] ⌘ cov[x,x]

cov[x, y] =

cov[x, y] = 0
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